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Abstract

Anticipated demand for electrical energy distribution companies of the most important tools for planning
decisions in contracts and purchase of electric energy. This thesis taking charge of the distribution network
modeling using neural networks ESN deals Hamedan. Meteorological data such as the daily minimum
temperature, mean daily temperature, maximum daily temperature, minimum temperature, dew point, the
average dew point temperature, maximum temperature, dew point, maximum moisture, average moisture content
and a minimum percentage of moisture from weather stations Hamadan Collection have become. By analyzing
these parameters and daily electrical energy distribution company in the province, and using statistical analysis,
parameters which affect the daily power consumption is detected. ESN using neural network modeling
parameters identified conducted this charge has been paid to the electrical load forecasting.
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