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b) The foraging starts, In probability, 50% of ants (specified

a) All ants in the nest and there is no pheromone in the e ;
by square) take the shorter path and 50% (specified by circle)

environment. take the longer path,
r/\. ........... = CI .........

Aot L

\ ——————————————————————

«) The ants that have taken shorter path get to food earlier. So  d) The shorter path marked with more pheromone and due to

in their return ime due to more pheromone, they chooses the  pheromone evaporation the pheromone of longer path became

shorter path with more probability, less and less, Hence ants will select the shorter path
cventually,

Fig. 1. The ants find the shortest path (Blum, 2005).
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. Matrix Hi shows the distribution of data set values (class k).
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Classification rate obtained with different methods for PID.

Method Classification Rate (%
Cd.5 rules G7.0+29
SMART 76.8
Decision Table 71.224
Bays 72.2+06.9
Regression coefficients 72.3958
Cd.5 7544
MNMGE 73.5677
RBF 75.8

Maive Bayes 7530

SV 77.32

IBE 74.52
CGREMM (Kayaer and ¥ildirim, 2003) 80.21
L5-5%M (Polat et al., 2008) 78.21
CGDA-LS-5VM (Polat et al., 2008) 7916
ESOMN (Deng and Kasabow, 2001 ) 78.4

SA (Mohamadi et al., 2008) 7571 +4.41
IncMet [ Jankowski and Kadirkamanathan, 1997 77.6
FC-AMTMIMER 8432

Other methods reported in Polat et al. (Z2008)
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Abstract

Expert systems, intelligent computer programs that infer knowledge and methods they employ to solve the
problems they need to solve their human skills. Systems sorted widely in the medical field to detect patient data
and derive a predictive model can be used. This model allows doctors to improve the prediction, diagnosis or
treatment planning help her. The purpose of this paper is to use the ant colony based classification system for
extracting a set of fuzzy rules for the detection of diabetes, called FCS- ANTMINER respectively. We describe a
new and efficient way for us to pay significant results for the classification problem is diabetes.

Keywords: expert systems, ant colony optimization, diabetes diagnosis, fuzzy classification.
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